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Research on sensor fault diagnosisfor a given turbofan
engine based on SVR

L1 Benrwe , FAN Zhao-yuan, WAN G Yong-hua, YIN Dawe', JIANG Keyi

(Department of Airborne V ehicle Engineering,
Naval Aeronautical Engineering Institute, Yantai 264001 China)

Abgtract : A sensor fault-diagnos's-system with_support vector regresson (SVR) for a
given turbofan‘engine was desgned. It-can detect _sensor fault and recover fault-sensor sg-
nal. On the bassof training\.the SV R-model with the trial run data of one turbofan engine,
the system was smulated in the MA TL.AB through three different kindsof sensor fault ,i.e.
off set fault , impact fault and drift fault. The results show that the system has many advan-
tages including high level of ‘precison and good real-time performance. So SV R isan effective
method for sensor fault diagnoss.
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